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3.1 HuEsak
B RIE T UCH HLEs 7= > . Bt & LU
AR KA Eipu
date time JE4RAE year-month-day hour:minute:second
Temperature EFIE in Celsius
Relative Humidity  4%4E %
Light EFE in Lux
CO2 RFAIE in ppm

Humidity Ratio ¥4E  Derived quantity from temperature and relative humidity, in
kgwater-vapor/kg-air
Occupancy P2 0 or 1, 0 for not occupied, 1 for occupied status

3.2 HIETALTE

B AEGE, EELIRMEIRGL, SIUERIL, B ARAFE R RR L
B N R 5 T ) $eds,  HEHL " Temperature”,"Humidity", "Light", "CO2",
"HumidityRatio"5 JifE NHEHE .
b B ERENLIZ IR 3/4 5 14 BIEBIRI o N IISREERHE X _train. MRERHRFAE
1



X_test. YIZEFRL y train, JRERZ y_test.
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0. FIF TensorFlow #{TiE&

4.1 TensorFlow 19— S
1) & URFHE
2) #FR%% one-hot Ziht
3) =¥k & (learning_rate. training_epochs. batch. W. b. X. V)
4) ek #E X
5) BT FEE X
6) LT X
7) EWGibGE sess.run)
8)  HHh L e S B R i N A S 4 1 R I B AT I 2R G sess.run)

4.2 {£F TensorFlow #3% Logistic [E]Y3 457 3525

TensorFlow S&%:T Python Z&~F & 1S =5, A —SELHmd, KTk
YL R, FEVTAAITE T import tensorflow as tf S5 N %, 2 J B tf+ R 5042 304710 .

® One-hot Zwig

FIH TensorFlow HE47 HL#8 2% ) & W K AR 2 #4546 one-hot JE X, one-hot JTE =0 52551
BHAI, Rl Amds, MEN[0,115([1,0], k4 ~Pg2, 1h[1,0,0,0]; [0,1,0,0];
[0,0,1,0]; [0,0,0,1]. FH T TensorFlow ERIA (AL ERELHE ALK int32 B float32, [A|Hh 75 2EAE
4T one-hot Fe ji iEAT — D i Hk
y_train=tf.to_int32(y_train)# 2 — 2R A 4
y_test=tf.to_int32(y_test)# s BT # i

y_train = tf.concat(axis=1,values=[1 - y_train, y_train])
y_test = tf.concat(axis=1,values=[1 - y_test, y_test])

® HLEEISHWE

NS IR TR — et iT S50 B . W E learning_rate 3] %, HMEEE
IR T RErh B, B R BRI i /MBI, BN REETE I P IRE RS
WARE T/ MEBOT . W BRI RS training_epochs, DA E HEAT 2 /AL B8, ik
WE L /NUATREIE RIS, R B KRG P IR K 2, SN 2 TF4S . b AT
DU “batch” 77104786 B R BRI ACBE, X )7 E v] DAFE — 8 FE R b 3R v R R A e
TR

AN LI B R R A placeholder ¥ B x. y, B BIEREEERET x 5y 1
B

learning_rate = 0.001
training_epochs = 50
batch_size = 100
display_step =1

n_samples = X_train.shape[0]
n_features =5



n_class =2
x = tf.placeholder(tf.float32, [None, n_features])
y = tf.placeholder(tf.float32, [None, n_class])

o RIS

fa N\ Logistic bR IE T LUE U RHIE ) 5 5 R W AR FER SR 5 A% & b 1 R0,
Kbt ib e X W 5 b, FE B2k CTIE, %\ Logistic P& LI FEAEAR Y
BRI HUE SO S
W = tf.Variable(tf.zeros([n_features, n_class]))

b = tf. Variable(tf.zeros([n_class]))
pred = tf.matmul(x, W) + b

o fUheREiE X

T FE R B S0 DA RRARARAN BR BN B ARG, IRIEGARY BB e OGN, — ek
PHAE TensorFlow A — MR 28 X € X7, &FXT Logistic [V, 28 R & a3
N

1%, , . |
j(0) = —EZ[)/(” loghe(x®) + (1 — y®)log(1 — hy(x@))]

4 IRTE TensorFlow 1 LTk 1 N E BT LLERRA
cost = tf.reduce_mean(tf.nn.softmax_cross_entropy_with_logits(logits=pred,labels=y))
® i TIEEX
PE AL FH R 0E SCRRJE 1 B AL 45 o
optimizer = tf.train.GradientDescentOptimizer(learning_rate).minimize(cost)
® LM T X
HERAZE L NG LA B S TR R P D IR
correct_prediction = tf.equal(tf.argmax(pred, 1), tf.argmax(y, 1))
accuracy = tf.reduce_mean(tf.cast(correct_prediction, tf.float32))

o LRItk
A TensorFlow 3E47 $dfe it B LI, il A2 ETaa D SR8 ik AR &g SURHE
TEH

init = tf.initialize_all_variables()

® e AL R e SR Bl e A\ A S e R A e R AT

ey K 7 2l sess.run BEATIEAT, A for FEME P 50 IRHATIAL, JEIHHEAE
/> batch [FEHERA, AR —IREPELE “WR” 45 x. y 7£ placeholder [ 7€ {F: 5
o

with tf.Session() as sess:
sess.run(init)
for epoch in range(training_epochs):
avg_cost=0
total_batch = int(n_samples / batch_size)
for i in range(total_batch):
_, C=sess.run([optimizer, cost],
feed_dict={x: X_train[i * batch_size : (i+1) * batch_size],
y: y_train[i * batch_size : (i+1) * batch_size, :].eval()})
avg_cost = ¢/ total_batch
plt.plot(epoch+1, avg_cost, 'co’)



if (epoch+1) % display_step == 0:
print("Epoch:", "%04d" % (epoch+1), "cost=", avg_cost)
print("Optimization Finished!")
print(""Testing Accuracy:", accuracy.eval({x: X_train, y:y_train.eval()}))
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5.1 Logistic [E]Y3 5y HK 45 R

BOENEIA IR N 50 25, it B AL 2505 AR Ccost) BUS E &5 S an F P,
A I, cost 2 BT FEAR AR BRI s a3 . 50 2B1EN G, HERIFRIA 97.3473%.
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