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. 1.6 million UK traffic accidents
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Accident_index Hilw 5 String False
Location_Easting OSGR e [E A AL bR &R x ABFR Numeric True
Location_Northing_ OSGR JEEAHAAAR R y 4R Numeric True
Longitude 234 Numeric True
Latitude g Numeric True
Police_Force AN Numeric False
Accident_Severity Hi EIRE Numeric False
Number_of Vehicles WL Numeric False
Number_of Casualties T Numeric False
Date H 3 dd/mmlyyyy DateTime False
Day_of Week AL Numeric False
Time B[] hh:mim DateTime False
Local_Authority_(District) AN Numeric False
Local_Authority (Highway) AN String False
1st_Road_Class AVE, HRZXOMK Numeric False
1st_Road Number AVE, HRZXOMK Numeric False
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Road_Type T BRI String False

Speed_limit PRLH 1 Numeric False
Junction_Detail L QEE it String True
Junction_Control A8 X ] String True
2nd_Road_Class AV, 5 X HOMK Numeric False
2nd_Road_Number AVE, 5ZXHAMK Numeric False
PedHej:;f:_—ggff;?g AT B String True
Pgﬂiﬁﬁ::{‘_;‘;;‘:ﬁi:;‘f AR String True
Light_Conditions HEHIR G String False
Weather _Conditions KRR String True
Road_Surface_Conditions PR R AR String True
Special_Conditions_at_Site AR S O String True
Carriageway Hazards TE % B AR A A String True
Urban_or_Rural_Area WX or & X Numeric False
LSOA_of_Accident_Location ANV String True
Year A Numeric False
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from sklearn.neighbors import KNeighborsClassifier

neigh = KNeighborsClassifier(n_neighbors=5)

neigh.fit(data_xnew,data_ynew)

preuseknn=neigh.predict(Data_xnew)
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from sklearn.naive_bayes import GaussianNB

clf = GaussianNB()

clf.fit(data_xnew,data_ynew)

predictusenb = clf.predict(Data_xnew)
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